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Lecture - 38
Solution of Optimization Problem: An Civil Engineering problem

Hello student. Welcome back to the course on Optimization Methods for Civil Engineering
and this is the last class of this particular course and in today’s class, so, I will solve a
problem so using different methods. So, initially I will describe the problem here and then 1
will solve this problem using genetic algorithm then using classical method and then using
particle swarm optimization PSO method. So, let me explain this problem and then I will go

to MATLAB.

So, this problem I will solve using MATLAB, but you can also solve this problem using R
software. So, only thing is that you have to write the code and then you can use the GA
package available in R or classical optimization package available in R or PSO optimization
package so, that you can use to solve this problem. So, let me explain the problem. So, this

problem is a welding design problem of a beam.
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Example Design of welded beam problem

W
The mathematical formulation of the objective function which is the tota fabricft/%cost mainly comprised of
the set-up, welding labor, and material cost, is as follow:

_

Minimize f(X) = 1.10471c2x, + 0.0481 132, (14 + ;) h = is the thickness of the weld
= length of the welded joint
width of the beam

Subjectto g1 (X) = 1(X) — Ty <0
92(X) = 0(X) = Gy S0 (“
g =% -2, <0
90 =0125-% <0
g5(X) = 6(X) - 025 < 0

/
gs(X)=P-PR(X)<0 AL
oG
01<x%<2)7 01<r, <107 01<x <10 ; 01<x, <2

4/ thickness of the beam

So, this is the problem. So, this problem is design of welded beam. So, design of a welded
beam. So, this is the welded beam here I have shown in this particular figure. So, this is the
figure and 1 would like to design this welding ok. The mathematical formulation of the

objective function which is the total fabrication cost ok.

So, what I would like to do? I would like to minimize the total fabrication cost ok. So, this I
would like to minimize that mainly comprised of the set-up, the welding labor then material
cost as follows ok. So, this is basically the total fabrication cost of this join and I would like

to minimize this cost.

So, objective function can be written like this ok; so, objective function can be written like
this. So, here there are four design variables ok x 1, x 2, x 3 and x 4. So, where x 1 is the

thickness of the well ok. So, this is your h and that is your x 1 and I have considered variable



x 1 then, | is the length of the welded joint. So, this is the length ok. So, this is the; this is the

length of the welded joint.

So, this is your the variable 2 and the variable 3 is width of the beam ok. So, this is the width
of the beam and variable 4 is thickness of the beam ok. So, for these 4 variables I have to find
out the optimal value so that the fabrication cost is minimum ok. So, this is a benchmark
problem and many researcher has solved this problem using various optimization method
including genetic algorithm, including classical optimization technique, including particle

swarm optimization.

So, here I have considered total 6 constrain. So, these constrains are taken in such a way that
the shear stress develop is within permissible limit or normal stress develop is also within
permissible limit. So, all together we have total 6 constrains. So, I am not discussing about
those problem or those constrain here, but if you are taking all these into consideration then I

am getting total 6 constrain and this constrains are defined here ok.

So, these 6 constrains are define and lower limit and upper limit of x 1 is 0.1 and 2; that
means, range of x 1 1s 0.1 and 2. Similarly x 2 1s 0.1 and 10, x 3 15 0.1 and 10 and x 4 1s 0.1
and 10. So, what I can say that lower bound; so, lower bound here it is 0.1 then 0.1 ok then all
are 0.1 so, 0.1 and 0.1 ok. And upper bound here is that, upper bound here is your 2 then 10
then 10 and then 2. So, this is my lower bound and upper bound.
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Example-1

Where 7 is the shear stress in the weld, 7,4, is the allowable shear stress of the weld (=13600 psj), o the normal stress in the
Rt SR
beam, 0., is the allowable normal stress Tor the beam material (=30000 psi), P, the bar buckling load, P the load
st ), =

(=60001b), and & the beam end deflection.
ol —_—

The shear stress 7 has two components namely primary stress (7;) and the secondary stress (z;) given as

X. i MR
tX)= [t} + 20,1, (ﬁ) t2 S ; =
ot

2 2
_ X\ _ oM (X (11+x3)
where M—P(L+7) ;) 2[—\/2 — =

are known as moments and polar moment of inertia respectively while the others terms associated with the model are as
follows:

So, this problem has this particular details. So, where tau is the shear stress and tau max is the
allowable shear stress and this value is given and sigma is the normal stress and sigma max is
the allowable normal stress that also given and P c is the bar buckling load and the bar

buckling load is given here ok.

So, this is the bar buckling load and that value is also given ok. So, this is in pound and delta
is the beam end deflection. And these are the relation between your shear stress ok. So, other

relations are also given. So, I can find out what is tau X within using this relation.
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And, similarly the other equations are also given for R then delta X I can calculate and these
are the value of G E P and L. So, length is given that is your 14 inch. So, I can use this
equation; I can use this equation to calculate the value of the constrain ok. So, I can calculate

the value of the constrain and this constrain has to be satisfied is not it.
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cle
clear variables

close all

16[0.1,0.1,0.1,0, ]:\/

ub=(2,10,10,2]

%0=[1,1,1,1] &

% Define objective function

cbjective = 8(s) (1108712 (1) 24%(2) $0. 046112 (3) ' (0)* (L452(2))) 17

nonl incon-Geontr;

% optimize with fmincon

options = optimoptions (' fmincon', 'StepTolerance’  le-

20, ' FunctionTolerance', 1e-20, 'Display’, 'iter", 'Algorithn', 'sqp') ;
x,favl] = fmincon (objective,x0, [], (], [}, (], 1b,ub, nonlincon, options) ;
% Define constrainet function

function (c,ceq] = contr (x)

ceq=[]# sequality constraint is empty_s
6 = 12*10°6;

E-30410°6;

B-6000;

L=14;
deltax =(4*P*L"3)/ (E*x(3)"3*x(4)); /
Pox/e ((4.013*sqrt ((E*G*xX(3) "2*x (4)"6) /36) ) /1"2) *(1-
(x(3)/ (2°1)) *3qrt (E/ (4%6)) )
sigy/= 6*P*L/(x(4)*x(3)"2)
BA sqrt (x(2)"2/4+ ((x(1)+2(3)) /2)°2) 5
352% (((x(1)*%(2))/3qrt (2)) * (%(2) "2/12+ ((x(1) #%.3)) /2)"2) )3
M7F‘ (L4x(2)/2) #
taug=(M*R) /J;
taulrP/ (sqrt (2)*x(1) *x(2))
taur=sqrt (taul "242*caul*tau2* (x(2) / (2*R) ) +tau2~2) s~
taumax=136003""
ax

Gt )
c(z):ugx—ugnax\:)/ @ /
() =x(1)-x(4);

Z(a):g.lzsfxm:\/ (1\ (-L\

c(5)= deltax—oﬁ: \/ U,, L’V

c(6)= B-Ecxi
end

So, this is the MATLAB code using classical method. So, here I have used f min con ok. So,
this is the fmincon function I have used and what I have to do I think already you have solved
several problems. So, I have to define the lower bound, I have to define the upper bound, I
have to define an initial point because I am using the classical optimization method. So, I

have I am using fmincon algorithm.

So, therefore, I have to define this initial point and then I have to define the objective
function. So, this is the objective function and here there are total 6 constrain and constrain is
define in this particular function. So, you just see all these equations are calculated here. So,

all these equations are calculated here.

So, we do not have any equality type constrain. So, therefore, this is your null and this is the

value of G E P and L is define then you calculate deltax then Pcx you calculate then sigma x



you calculate then R, then J then M and then tau2 and taul you have to calculate and after

that [ am calculating the value of taux ok.

And then taumax is given. So, this is the value and then you define thatc 1,c2,¢c3,c4,¢c5
and ¢ 6. So, sigma is also defined here. So, I can define sigma here also ok. So, there is no
issue. So, once you are calculating this one. So, this function will give you the value of ¢ 1
thenc 2,c3,c4and c 5 and c 6 ok ¢ 6 ok. So, you will get the so, this function will return the

valueofc1,c2,¢c3,¢c4,c5andc 6 ok.
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clear variables

close all

16={0.10.1,01,0.1)

b=2,10,102];

9x0=[1,11,1];

% Dsfine objective function

objective = @) (1.10471'x(1)'2'X(2)+0.04811%(3) x(4)"(14+x(@));
nonlincon=@cantr;

% optinize vith ga

‘options=optimoptions('ca’, ConstraintTolerance’, 16-16,
"FunctionTolerancs',1e-16 Dispay, 'ter, PopulationSize!,
100, MaxGenerations'400); :
[xfa] = Gaobpcive A L1 b oo ptns),
% Dsfine consirainet funcion

funciion [¢,ceq] = contr(x)

o=, %hequalty constaintis empty

G=1210°6;

E=3010°%;

P=6000;

L=t4;

deltax =(4'P'L'3J(EX(Y33(4));

Pex= ((4.013'sqr((E*G*(3)'2'x(4)*8)36)YL°2)"(1-(x(3)/(2'L))'sqt(E/(4"G))
sigx = 6°P"LI(x(4)'x(3)'2);

R= sq(d2f 24+((x(1}+X(3)/2)"2);

J=2'(((<(1"(2)sat2) (2 2124 1yx(@) 2P 20);

M=P(L+x(2/2);

tau2=(U'R)I;
taut=PI(s3t2)x(1)%(2));
taux=sqraut*2+2"aut "tau2’(«2)(2'R)Hau2'2);
taumay=13600
off)etauxtaumax
sigrmax=30000;
¢2)=sigx-sigmax;
(1))
c{4)=01254(1);

o[5)= deltax0.35;

c{6)= P-Pex;

end

So, this is in using fmincon and then I have solved this particular problem using ga ok. So,

this is the ga function.
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clc
clear varizbles
1,0.1

cpticns = cptimoptions('parti
[res,fval] = particleswamm(fit
% constraint function ¥ chject
functicn £ = ofun(x) »

of = (1,10471#x(1) "2#x (2) 0. 04811#x (3) *x (4) * (14+2(2)))

% Censtraint furcticn

€ = 124106

E=30410"6;

E=€000;

1=14;

deltax =(4*P*L3)/ (E*x(3)*3*x(d) )7

Eox = ((4,013*sqrt ((E*G¥x(3) "24x (4)"€) /36) ) /1°2) *(1- (x (3)/ (2°L)) *scrt (E/ (4*G)) )
sigx = 6*PAL/(x(4)*x(3)2) ¢

B = sqrt (x(2)2/4+((2(1)#x(3)) /2)*2) ¢

J=2% (((x(1)*x(2) ) /2qxt (2)) * (2(2) "2/12+ ((x(1) x(3)) /2)*2) ) ¢

B=E* (L4x(2)/2) ¢

tau2=(¥*R) /3;

taul=P/(sqrt (2)*2(1)*2(2))

taux=scrt (taul*2+24taul*tau2+ (x(2) / (2*F) ) +tau2"2);

taunax=13600;

cl=taux-taumax;

2iqnax=30000;

c2=sigx-signax;

c3=x(1)-x(4) 7

c4=0.126-x(1);

b= deltax-0,25;

A\ c6= E-Fcx;
ifC & 37& c3<=0 §& cd<=0 &6 c5<=0 §& cf<=0)
else
= cf
end

end

+"ElctFen', 'pswplotbestf', 'Swamsize', §0, 'EykridFen', @fmincon) s
4,1k, ub, options) i,
ve functicn

And then this is solve using PSO ok. So, particle swarm optimization, particleswarm and this
is again. So, this part is same ok. So, this part is your same only thing is that I have define this
value somewhere here. So, in case of PSO. So, I have to write the objective function code. So,
we cannot define the constrain and objective function separately. So, what I am doing here |

am writing the objective function and then the constrain.

So, if there is no violation then it will return the objective function value; if there is a
violation it will return a very large value so, that this particular solution can be avoided ok.
So, that we are doing. So, for that [ am using if else statement. So, if there is a violation then I
am returning this value and if there is no violation then I am returning this value. So, this can

be written and this part is similar to what we have already define.
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Example-1

The mathematical formulation of the objective function which is the total fabricating cost mainly comprised of the set-up,
welding labor, and material cost, is as follow:

Minimize f(X) = 1.10471x7x; + 0.04811x;%,(14 + x,)

st 1K) =1(X) — e <0
92(X) = 0(X) = 0, <0

g =% -2, <0

04X =0125-x, <0

g5(X) =6(X)-025<0
gs(X)=P-P(X)<0

01<x<2 ; 01€5,<10; 01<x <10 ; 01<x, <2

So, there are another version of this problem. So, there is another constrain that is ¢ 7. So, you
can see. So, this is another constrain of this particular problem and so I have also; I have also

solved this problem using the constrain 7 ok.
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Where 7 is the shear stress in the weld, 7,4, is the allowable shear stress of the weld (=13600 psi),o the normal stress in the
beam, 0,4, is the allowable normal stress for the beam material (=30000 psi), P, the bar buckling load, P the load
(=60001b) , and ¢ the beam end deflection.

The shear stress 7 has two components namely primary stress (7;) and the secondary stress (z;) given as

X. P MR
X)= |t +2n, (ﬁ) t2 S ; =
fi

are known as moments and polar moment of inertia respectively while the others terms associated with the model are as
follows:

2 7
X; P

2, (11 x:s)
12 2

where M =P(L +xz_z) ;o JX) = 2{‘/5 XX,

So, constrain 7 is defined here and I can calculate the value of constrain 7 ok. So, this is the
code using classical method; using classical method. So, I have used fmincon here and the
second one is your ga ok and third one is particleswarm optimization. So, third one is
particleswarm optimization. So, let us solve this problem or let us solve let us run this m file

in MATLAB.
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So, let us go to MATLAB. So, this is the MATLAB and let me solve the first m file and this
is your fmincon classical method ok. So, I can copy this. So, here you can see that I have
define the lower bound, I have define the upper bound and this is the initial point 1 1 1. So, |
have consider 1 1 1, but let us see if we can if we change it whether you are getting the
solution or not then you define the objective function and then you write the constrain

function ok.

So, constrain function. So, here as I said that ok. So, let me define what is the value of G,
what is the value of E, then what is the value of P, then L. So, I can define this taumax here
itself. So, I can define here. So, all the parameters I can define here called the constant value.

So, I am define I am defining all these ok.



So, this is so, I have define ok then I have calculated deltax then Pcx then sigma x R, J, M
then tau 2 then tau 1 and finally, I am calculating taux. So, once you are getting that 1 then
you can define the constrain 1, 2, 3, 4, 5 and 6 all together 6 constrain and basically and there

is no equally type constrain. So, I am putting empty here ok.

So, after that I can simply run this particular line and this is your fmincon ok. So, this is your
fmincon and here this is the objective function then I am defining x naught then a b a equality
is not there then lower bound I have define, upper bound I have define then non linear
constrain [ have define and I have also define the option. So, in option I have set the tolerance
limit ok since the tolerance limit to e to the power minus 10 then function tolerance this then

display iteration.

So, I would like to see the iteration value and algorithm also I can define this is sequential
quadratic programming as gp ok. So, you can also define the other algorithm so, but here I am
using this one. So, let me execute this one. So, before that, I have to solve these problems. So,
I have I before that I have to save this file. So, this is problem 1 ok. So, this is n dot m, dot m

yeah.
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So, now I got the solution ok. So, I got the solution and you can see these are the iteration
also and finally, I am getting the solution ok the solution value is that value is 2.38 ok. So, |

can check what is the solution that x value so this is the solution that x 1 is 0.244, then x 2 is

6.21 and this is 8.29 and this is 0.244.
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And the function value you can see and this is the function value 2.38 ok and as I said the
other researcher also solve this problem and they also got similar solution. Now, let me see if

I change the initial solution whether I am getting this solution or not ok.
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So, let me put it suppose if I put 2 and if I ok no this is basically I this is 2. So, let me and this

is I am putting 5 ok. So, this is also I am putting 5 and this is 2 ok.
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So, let me run it yeah I am getting the solution this time also. So, this is not that sensitive to
initial solution ok so, ok. So, I am getting this is 2.38. Now, I would like to explain one thing.
So, here I have define the function here ok. So, this is the function I have define. So, I can
also write this function somewhere else ok. So, I can save this file as an m file ok. So, this is a

function and let me save it. So, I will save it as contr ok.

So, I am saving in a separate file. So, let me see whether it is working or not. So, it should
work. So, if I execute this particular m file ok. So, it is working ok. So, I am getting the
solution. So, therefore, what you can do for objective function or constrain function you can
create a different m file and that you can call and it should be in the same directory ok. So, if

it is on the same directory. So, you can save as a different file also.
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So, here what I am doing, I am defining this is an m file. So, this is a function and the
function name is contr ok and the file name should be contr. So, this should be same that

function name and file name and then and this particular function will return ¢ and c equality.
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And here I am using this one ok. So, here I am using this one and then basically I am running
this particular function ok, to solve this problem using sequential quadratic problem
algorithm using sqp is using sqp algorithm. Now, let us solve this problem using genetic

algorithm or n PSO. So, let us solve it by genetic algorithm.
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So, I am just copying this one. So, this is the ga ok. So, this is the ga part and here everything
is similar. So, what we have run during the classical method. So, m code is similar. So, only
thing is that, that we are using genetic algorithm function ok. So, this is the function. So, this

is the function this is the function. The function is ga and I have defined some option here.

So, here the constrain violation I have change then function tolerance, I have change and I am
also displaying the iteration and population size I make it 100 and maximum generation I
make it 400 ok. And then this is the objective function this is the number of variable then we
do not have a, b, a equality, b equality, lower bound, upper bound we have define and then

non linear constrain this is the non-linear constrain and we have option.
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So, this function is same as what we have used in case of classical method ok. So, let me run
this thing. So, before that I have solve it. So, this is problem ga, problemGA ok. So, let me
yeah. So, you can see that function value is 67 now it is 15. So, it should go up to 2.36 ok. So,

it is running. So, it will go up to 400 iteration ok. So, up to 400 iteration.

So, as you have seen. So, when I have applied the classical method. So, you just see within 10
iteration of your classical method. So, I got the solution, but here it is running still. So, this is
up to 35 iteration 36; at 36 iteration I am getting 7.91. So, I have to go up to 2.36. So, final

value is 2.36 around 2.36 yeah.

You just see it is not reducing. So, the function value is not reducing. So, I am getting the
same function value. So, in that case it may happen that we are not getting the solution here

ok. So, we are not getting the solution. So, let me run this thing again. So, now, it has reduce



up to 4.2. So, in this case also it is I am not getting the solution and I got 4.22 ok. So, let me

see again.
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So, I did not get the solution. So, what I will do I will increase the population size. So, make
it 200 just see whether I am getting the solution or not, make it 120 ok. So, I am not getting
the exact solution using genetic algorithm. So, and you just see it is taking lot of time to

converge it.

So, finally, I am not getting the solution, but if you are running it. So, you may get solution
sometime, but therefore, it is better to solve this problem using classical method ok. So, let

me see whether I am getting the solution using particle swarm optimization method.
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So, this is the code for particle swarm optimization, let us save it. So, this is using PSO. So,
here I have defined this objective function and then I have use the particle swarm
optimization ok. So, let me run this thing yeah you just see I am getting the solution. So, here

you can see what is the solution, the solution is yeah.

So, I am getting. So, this is not the exact solution, but it is a near optimal solution, this is
0.2372 and so, solution and this is 5.46. So, it should be 6.7 and this is 9.48. So, I am not
getting the exact solution, but it is a near optimal solution. So, this is 2.44 ok. So, let me run it

again.

So, let me check yeah I am getting little bit better solution, but this is not the solution. So, let

me run it again yeah 2.46 again ok yeah 2.39. So, this is what I got when I have applied the



classical method yeah this is 2.4. So, swarm size I can use let me see actually. So, if  use 100

then what will happen? Yeah 2.39. So, I should get around 2.36, 2.59 yeah 2.38.

So, you just see when I have applied the particle swarm optimization. So, I am not getting the
same solution every time because what is happening; what is happening here that you are
starting with some different set of initial solutions and therefore, you are not getting the same

solution.

And apart from that so we are not taking the gradient information here and as a result. So, you
may not get the exact optimal solution, but you may get a near optimal solution of the
problem. So, if you compare the genetic algorithm with PSO. So, you can see that the PSO is

much faster than genetic algorithm ok.

Even in this particular case so, [ am not getting the solution using genetic algorithm so, but I
may get it. So, if [ am running it for maybe 10 times or 15 times. So, sometime [ may get the
solution, but every time I am not getting the solution. So, that means, this algorithm is not
robust enough to get the solution in every iteration or something like that ok, but when your

problem has more than one optimal solution then, you can use genetic algorithm.

Because at that time it will be difficult to solve the problem using classical method and once
you are getting a solution near the optimal solution then you can apply the classical

optimization methods ok.
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So, let me go to the second version of this problem. So, this is the second version of this
problem and this is the MATLAB code. So, let me copy this thing ok. So, here I have use the

classical method ok. So, this is the second version. So, we have another constrain 7 ok. So, let

me execute this one.
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So, let me see what is the solution and this is the solution and objective function value is. So,
objective function value is 1.69 ok. So, yeah so, I am getting this is the solution of this
particular problem 1.69 ok. Now, let me solve this problem using ga let us see whether I am
getting the solution for this one. So, I am applying ga here. So, let me see. So, here I am

plotting this fitness function versus generation curve and you can see it is somewhere here.

So, the base fit solution is 5.6. So, now, it is 4.63. So, you just see the function value is not
reducing and here the base solution and mean solution is almost same; that means, the
populations are saturated with the best solution and we may not get any improved solution

because crossover will not create any new solution.

So, therefore, so, we may not get any solution and this loop may be terminated. So, now, you

just see the best and min solution is same so, that means, we are not getting any new solution.



So, it will go up to 400 iteration, but the function value is not reducing ok. So, I did not get

the solution.
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Let me try one thing. So, let me delete this part because I have already defined this particular
problem. So, so, let me delete this part ok. I am defining a different function yeah. So, this

function I am defining in a different file. This is 1 now let me save it contrl, ok.
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So, now I will be using this function here ok. So, this is 1 ok. So, let me try. So, I am not

getting any solution.
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So, just see. So, let me check. So, now, it is reducing 5.65. So, let us see whether we are
getting the solution here or not. It is changing, but it is changing very slowly. So, in this case
also we may not get the solution when you have applied genetic algorithm. So, it will go up to

400 iteration. So, there is a small change, but actually it is not converging at optimal solution.

So, it will stop when we will get stall generation of 50 ok. So, we are getting 50 that is the
stall generation then after that it is the algorithm has terminated. So, this has been terminated
ok. So, we are not getting the solution we can run it again once just no. So, we are not getting

solution using ga.
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So, let me try with the PSO method ok. So, this is the PSO problem 2 PSO ok. So, let me run
it, yeah I am getting the solution you can see. So, here this is the fitness function versus

iteration. So, solution is around 1.7 so, or 1.69.
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So, let me checked it this one. So, the solution is these ok and yeah 1.69. So, I am getting the

same I am getting the same solution what I got using the classical method.
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So, you can try again I think second iteration also I will get the same solution yeah. So, you

can see this is the solution ok and objective function value is 1.69 ok. So, when you are

applying this algorithm. So, we have learned lot of algorithms here the both classical

methods, as well as non classical methods. So, it is not that the all the algorithms will be

equally good for your problem.

So, you have to find out that what algorithm you can you should apply for your problem. So,

depending upon what type of problem you have. Suppose as I said that if your problem is a

convex problem. And you just apply the gradient base method; so easily you will get the

solution of your problem, but if your problem is a non convex problem. So, in that case

initially you can apply the meta-heuristic optimization method.



And all the meta-heuristic optimization method may not be suitable for your problem suppose
in this case, we have observed that when we applied ga. So, we did not get the solution, but
when I did some test run myself. So, I got the solution of this problem, but during this live

demonstration. So, I did not get the solution.

Probably, if I am running this particular ga maybe for 10 times or 15 times so, I may get the
solution maybe one time or two times I may get the solution, but most of the time I am not
getting the solution of this problem so; that means, for this particular problem ga is not a

robust algorithm.

So, what we have observed, that when we have applied ga. So, we I did not get the solution so
that means, for this particular problem ga is too slow. So, it is taking lot of time. So, lot of

iteration and after that also I am not getting the solution of this particular problem.

But, when I have applied the classical method as well as particle swarm optimization method
so, I got the solution of this problem so; that means, the PSO method as well as the classical
optimization methods are quite your good for this particular problem. So, therefore, the
practical application is quite difficult because you do not know what is the optimal solution of

your problem?

Suppose you have a problem of 100 variables. So, you will not be able to plot this problem.
So, and you do not know what is the exact optimal solution of this problem. So, how many

optimal solution you have that also you are not aware. So, in that case this is quite difficult.

So, what you have to do you just apply the algorithm and you can just report or you may
report that the known base solution of this problem is these, because you are not aware there
may be some global optimal solution that you have not actually you have you did not get that
solution. So, there may be a global optimal solution and probably you are not aware of that

particular solution. So, you can report that the known base solution of this problem is this.



So, these are all benchmark problems. So, I know the solution. So, this problem can be used
for testing your algorithm and basically you can see. So, when I have tested the algorithm like
classical method and particle swarm optimization. So, these two algorithms are performing
well, but when I have applied genetic algorithm. So, for this particular problem I did not get

the solution or I did not get the get a better solution ok.

So, this has to be consider when you are applying optimization for a real world problem. So,
this is all about for today’s class and as I said this is the last class of this particular course and
I discuss different algorithms please go through this algorithm and try to solve your problem

applying this algorithm.

So, you can write your own code. So, if you are willing to do that you can develop your own
code for implementing particle swarm optimization, genetic algorithm then -classical
optimization, but if you do not want to do that and this is this will not be easy also. So, you
have to write a very nice code to implement this algorithm. But if you want to do that you can

do it otherwise the algorithms available in MATLAB or in R.

So, that you can use and for smaller problem ok. So, you can also use Excel Solver if you do
not want to write any code ok, or do not want to use either R or MATLAB. So, in that case
you can solve your problem using Excel Solver ok. So, thank you very much. So, you can
contact me. So, if you have any question, you can write back to me. So, I will try to reply in

future also.

Thank you.



